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Abstract

Background: Evidence-based health policies are widely acknowledged as being essential for attaining ongoing improvements in health outcomes. This study represents a theoretical model to test and identify to identify the key drivers for adopting evidence-based healthcare practice (EBHP).

Objectives: The goal of this study was to investigate the critical success factors for the adoption of evidence-based healthcare at a South African public hospital.

Methods: Medical healthcare professionals were surveyed using a questionnaire developed by the researcher. The results were analysed with SPSS 23 and AMOS. A hypothetical model based on updated (D&M) IS Success Model, Technology, Organization and Environment framework (TOE) as well as Technology Acceptance Model (TAM) was developed and analysed using structural equation modelling (SEM).

Results: The findings of this study indicate that EHR is crucial and the main construct influencing the adoption of EBHP. The findings of this study indicated a positive relationship between the construct electronic health records (EHR) with medical error reduction (MER), information quality (IQ) and knowledge quality (KQ), all showed a strong positive correlation towards the adoption of EBHP.

Conclusions: Better coordination of patient care (BCP) typically results in lower health care costs. The results also show that using EBHP improves the accuracy of disease diagnosis and treatment, which lowers the burden of disease.

Contribution: The developed framework will help healthcare systems that are strapped for money, particularly in developing countries.
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Introduction

The most recent technology, the Internet of Things (IoT), is essential to the digitalisation of the healthcare sector (Boyes et al. 2018). Furthermore, the adoption of connected healthcare is accelerating globally over the past two decades as healthcare IoT cases gain momentum (Shah & Chircu 2018). The impact of leveraging digitalisation across various levels of processes, products and services demonstrates that the healthcare industry is one of the significantly revolutionised sectors (Kumar, Verma & Bharti 2020; Moro Visconti & Morea 2020). Furthermore, the electronic medical record (EMR) represents a change from the antiquated practice of keeping paper records to computerised electronic data management. It is now acknowledged as a contemporary productivity, efficiency and effectiveness in medical care facilitation (Adeleke et al. 2014; Sockolow et al. 2014). In addition, it is supported by systems for Internet networks, providing flexibility in the ability to transfer information, bring about change in the field of healthcare and enhancing patient health outcomes. Nene (2015) claims that a patient at South Africa’s King Edward VIII Hospital had to wait more than eight hours before receiving treatment for diarrhoea because staff members needed to find his medical file in the file room. Medical records can occasionally be difficult to locate in the filing department as a result of, among other things, records being lost or misfiled (Nene 2015). These records are occasionally simply misplaced by healthcare providers and later discovered at their offices. In addition, the duplicate record would exist because the original record would have been changed by the time the replacement record was found.

In another study by Marutha (2011), doctors were prevented from operating on a patient at Nkhesani Hospital in Limpopo province, South Africa, because the patient’s medical records were missing. The patient’s left leg was partially paralysed as a result of a car accident in 2005. According to the report, the doctors needed the missing file, which contained information about the patient’s accident, health problems and illness, in order to trace the history of the injuries before the patient could have surgery. Unfortunately, the patient’s diabetes records were the only part of the medical history that could be accessed. According to the Limpopo Department of Health and Social Development, which intervened and provided clarification in this case, the hospital had a minor file mix-up. It is evident from the aforementioned cases that when patient health records in paper format are missing, patients face significant challenges and risk their lives, which may result in death. The medical institution could also be harmed by this. Duplicate data is regarded as poor and untrustworthy patient data and is a concern for many organisations and systems, according to Bardach, Real and Bardach (2017). Another disadvantage of paper-based medical records is that data cannot be shared by many users because the physical document is often only read in one place (Dowding, Turley & Garrido 2015).

Clinical decision-making is thought to be improved by the integration of various information tools into EMR, such as test ordering, electronic prescriptions, decision support systems, digital imaging and telemedicine. Furthermore, integrating such information into standard clinical practice might encourage the use of a secure and effective healthcare system (Sockolow, Bowles & Adelsberger 2014). Access to patients’ vital health information from various providers, which greatly enhances care coordination and healthcare practice efficiency, is one of the main advantages of EMR that is stated (Jawhari, Keenan & Zakus 2016). Several of these advantages have been supported by earlier studies (Kruse, Mileski & Alaytsev 2015). In the end, the push for electronic health records (EHR) may make it possible for patients to access and possibly transfer their own medical data, giving them more control over their own care and management of their medical data (Chao et al. 2013; King et al. 2014). Furthermore, because of the complexity of healthcare delivery, conventional decision-making methods for implementing new technologies based on trustworthy and predictable systems are inappropriate (Kuziemsky 2016). This study’s aim was to investigate the critical success factors that influence the adoption of evidence-based healthcare practice (EBHP) in a South African public hospital. A theoretical framework based on a model based on the updated Information Systems (IS) Success Model (D&M) model, the Technology-Organisation-Environment (TOE) framework and Technological Acceptance Model (TAM) was developed to assist in identifying the critical success factors. Structural equation modelling (SEM) was used to test and validate the conceptual framework using survey data gathered at Dr George Mukhari Academic hospital.

The next section will discuss in greater detail on the theories that were used to develop the conceptual framework, the constructs and the formulation of the hypothesis based on the framework.

Conceptual framework and formulation of hypothesis

This study suggests a hybrid model for the adoption of EBHP. The hybrid model is based on updated versions of Davis, Bagozzi and Warshaw (1989), the TAM and the TOE, as well as DeLone and McLean’s IS Success Model (DeLone & McLean 2003; Tornatzky & Fleischer 1990). Technology Acceptance Model was chosen for this study because it concentrates on how individual users perceive technology and assesses how those perceptions might affect their behavioural intention. The goal of this study is to develop a framework for EBHP at a South African public hospital. For this purpose, the factors that contribute to the adoption of EBHP will be analysed using an integration of two theories namely the TAM and TOE into D&M IS Success Model, which is the main underpinning theory in this study.

The D&M IS Success Model assisted in finding the individual level acceptance of the new technology like EHR system, whereas the TOE model was a logical extension of D&M IS Success Model from an individual perspective to organisational factors. While D&M IS Success Model and TOE frameworks helped to understand the decision method for technology adoption and some aspects of implementation, TAM theory provided the usability factor from the individual user perspective. For this study, the EBHP construct was used in place of the Net-benefits construct from the D&M IS Success Model. This construct is a dependent variable in the proposed research paradigm (see Figure 1), while the independent variables are medical error reduction (MER), information quality (IQ), knowledge quality (KQ), perceived ease of use and organisational context.
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The influence of EHR on medical mistake reduction, IQ, KQ, improved patient coordination, disease diagnosis and treatment, perceived usability, technological context and organisational context were all examined in this study. The findings highlight the importance of improving patient responsiveness and orientation to expat demands in South Africa’s healthcare system.

In the section that follows, we will discuss in greater detail how the constructs from TAM and TOE that were incorporated into the D&M IS Success Model as well as how they relate to each other. These relationships are shown in Figure 1: hypothesis research model.

Electronic health records construct

To incorporate evidence-based knowledge into patient treatment, the proper information must be made available at the appropriate time (Mitchell 2019). The optimal time to make a diagnosis may be when attending to a patient at their bedside or during any other step of the examination and treatment process. Doctors who are already under pressure to treat more patients in less time are less likely to hunt for evidence to back their decisions when a search disturbs their workflow (Grumbach & Bodenheimer 2004). One answer to this issue is the use of EHR. The ability to share and store digital information has grown because of EHR technology, making it possible to save all patient and history data on servers. According to contemporary medical practitioners, improved interoperability and a shift in the information-sharing paradigm are both required to improve patient access to and the management of health data (Essén et al. 2018). Based on the convincing literature, the researcher chose to replace system quality in the D&M IS Success Model with EHR as a construct. The following hypothesis is offered to investigate this relationship:


H1: There is a significant positive relationship between EHR and information quality (IQ).



Information quality construct

Beyond the needs and standards for upgrading information, information that has been arranged and processed to give meaning and enhance decision-making (Romney & Steinbart 2014). Information systems are essential to the practice of evidence-based medicine because they give healthcare professionals access to clinical evidence and data about their patients’ health as they develop patient-care initiatives (Del Fiol, Workman & Gorman 2014). There is some evidence that EHR can improve patient care standards and patient safety (Cea Soriano, Zong & García Rodríguez 2019; Naidoo & Wills 2016). The IQ was adopted for this study based on the literature without modifying the construct. The following hypothesis is offered to investigate this relationship:


H2: There is a significant positive relationship between KQ and better coordination of patient care (BCP).



Knowledge quality construct

According to Lee (2017), hospitals are knowledge-intensive settings that experience constant change because of improvements in medical technology. Prior research in industrialised nations has shown that installing a knowledge management system (KM) in hospitals can improve treatment protocols, boost knowledge sharing among medical specialists, lower healthcare costs and raise patient care standards (Koushazade, Omidianpoor & Zohurian 2015). Clinical knowledge is created through tacit knowledge (experiences or professional practices of caregivers), which is then transformed into explicit or documented forms such as clinical procedure guides, clinical workflows and EHRs (Chang et al. 2012). Clinical practice guidelines (CPGs), which are knowledge-rich clinical processes, are created and archived by an EHR system, improving their quality through prudent clinical judgements and increased clinician task productivity (Salleh, Abdullah & Zakaria 2017; Giguère et al. 2020). Consequently, knowledge quality for completion should be included in an IS quality review (Chang et al. 2012). The studies of DeLone and McLean did not include a construct: KQ. However, based on the literature, this researcher decided to adopt knowledge quality as a new construct in this study. The following hypothesis is offered to investigate this relationship:


H3: There is a significant positive relationship between EHR and KQ.



Perceived usefulness and perceived ease of use constructs

This study used TAM as a reference to investigate the implications of perceived EHR usability and usability. The basic objective of TAM is to explain why people utilise technology and how various factors influence this behaviour. The underlying premise of the TAM is that a person’s use of technology is mediated by their acceptance of it, which is in turn impacted by two cognitive factors, namely perceived usefulness (PU) and perceived ease-of-use (PEU) (Jones & Kauppi 2018). For the purposes of this study, perceived ease of use will be defined as the opinion held by healthcare professionals that using an EHR to get patient medical history is essentially effortless. Numerous researchers have found a strong relationship between behavioural intention to use and perceived usefulness (Joo, Park & Lim 2018). The extent to which EMRs improve work performance and produce perceived benefits is what is meant by perceived usefulness in relation to EMRs (Asan et al. 2017). Perceived ease of use in connection to EMRs is concerned with the extent to which EMRs enhance work performance and bring about perceived benefits (Asan et al. 2017). Based on the literature review, these two constructs were adopted for this study. The following hypothesis is offered to investigate this relationship:


H4: There is a significant positive relationship between perceived usefulness and the adoption EHR at a South African public hospital.



Organisational context construct

Indeed, the TOE framework offers greater strength than more conventional models like the technology acceptance model and the united theory of acceptance and use of technology because it incorporates both human and non-human determinants into a single framework (Awa, Ojiabo & Orokor 2017). The two organisational context constructs are top management support and organisational readiness. The organisational context, which places a strong emphasis on management support for system adoption capability, also affects the adoption of EHR (Mtebe & Nakaka 2018). Top management support can relate to the level of top management support for implementing EHR to improve performance (Abdekhoda, Dehnad & Zarei 2015). Hence, the focus will be on top management support as a construct item of organisational context. The following hypothesis is offered to investigate this relationship:


H5: The adoption of EHR is influenced positively by top management support.



Medical error reduction construct

Medication errors are one of the most frequent causes of unintended harm to patients (Creed 2017). Furthermore, pharmaceutical mistakes can have disastrous effects and have even resulted in the deaths of certain patients (Creed 2017). Preventable prescription errors affect more than 7 million individuals in the United States of America (USA), costing the healthcare system as a whole roughly $21 billion annually (Da Silva & Krishnamurthy 2016). The entire cost of prescription errors is significantly higher when you factor in lost wages, disabilities, lost productivity and the cost of maintaining health. This is a significant issue that has to be resolved. The study postulates that MER directly influences disease diagnosis and treatment, with EHR serving as a catalyst for achieving that result. Based on the literature review, the researcher made the decision to add MER as a new construct to the (D&M) IS Success Model. The following hypothesis is offered to investigate this relationship:


H6: There is a significant positive relationship between EHR and MER.



Better coordination of patient care construct

Electronic health record systems are increasingly understood to be a vital tool for improving the quality, effectiveness and safety of healthcare (Graber, Byrne & Johnston 2017; Schopf et al. 2019). To simply put, implementing such technologies enables medical professionals to provide better care by enhancing record keeping, decision making and patient monitoring. The moderating construct intention to use was adopted from the D&M IS Success Model. The construct was modified to read BCP to accurately represent the study’s goal. In proposal framework, BCP has a significant influence on EBHP. The fundamental premise of this study is that BCP is critically important in this context. Medical records are the main source of clinic materials and health data because they are succinct, precise and contain information about a patient’s health history, ailments and medical occurrences from a medical perspective (Lungile & Trywell 2017). The following hypothesis is offered to investigate this relationship:


H7: There is a significant positive relationship between MER and BCP.



Diagnosis and treatment of diseases construct

One of the main goals of any health research is to increase the quality of care; as a result, it is critical to identify, share, work with and widen the knowledge of clinicians in order to learn and develop new information and, consequently, improve the quality of treatment. According to a study, using knowledge management techniques can improve care (Betelehem 2017; Mitiku, Jimma & Diriba 2016). Inaccurate diagnoses, improper therapies, medication errors, hazardous hospital practices and a lack of competent, sufficient medical training or understanding affect every country on the earth today (Kuziemsky 2016). The construct user satisfaction was changed in the (D&M) IS Success Model to DTD, and it occupied the position of a mediating variable in the conceptual framework. The following hypothesis is offered to investigate this relationship:


H8: There is a significant positive relationship between DTD and EBHP.

H9: There is a significant positive relationship between EHR and BCP.



Evidence-based healthcare practice construct

Evidence-based practice is the use of the most recent data in clinical decision-making (Melnyk et al. 2012). According to Anoushiravani et al. (2016), the integration of patient records might drastically minimise needless duplication of services and care as well as have a positive significant effect on the country’s healthcare budget. Considering that the goal of this study is to explore factors that could influence medical healthcare professionals’ decision to adopt EBHP. The net-benefits construct from the D&M IS Success Model was changed to EBHP for this study. In the suggested study framework (see Figure 1), this construct is a dependent variable, and the independent variables are MER, IQ, KQ, PU, diagnosis of diseases and treatments (DTD), technical context (TC) and Organization context (OC). While in this study, EHR and BCP served as mediating factors. The following hypothesis is offered to investigate this relationship:


H10: There is a significant positive relationship between BCP and EBHP.



Research and methods

Instrument development

This research employed a self-administrated questionnaire as a data collection method for the following reasons: the correspondence has a better chance to seek clarity while the questionnaire is be administered (Sekaran & Bougie 2016). A pre-test of the questionnaire with expert in the fields and a pilot study with potential participants were conducted. From the feedback received, the questionnaire was then modified and finalised the instrument based on their feedback. All of the items were measured using a 5-point Likert scale, where 1 = strongly disagree and 5 = strongly agree.

Participation and data collection

The study was conducted at one purposively selected public hospital, which was Dr George Mukhari Academic hospital, which lies close to Sefako Makgatho Health Science University (SMU), was the site of the study. Numerous departments are located within the hospital, including those for family medicine, dermatology, cardiology, neurology, haematology, renal or nephrology and intensive care unit (ICU), general surgery, neuro-surgery, cardiothoracic, ophthalmology, ENT, plastic surgery, urology, maxillofacial surgery, transplant unit, paediatrics, paediatric surgery, neonatal unit, KMC, orthopaedics and gynecology. SMU and other nursing schools in Pretoria train their students at this hospital. Data were gathered between June and October of 2021. It was impossible to get permission from other hospitals to carry out this study because of coronavirus disease 2019 (COVID-19) restrictions. The researcher chose to conduct this study in that specific hospital as DGMAH had already given the researcher permission to do so before the COVID-19 outbreak. The study population was medical healthcare professionals (doctors, nurses, radiographers). A total of 450 questionnaires were self-administered by the researcher, and from the questionnaires received, 150 were discarded because of incomplete data, resulting in a total of 300 responses.

Data analyses

The following section describes the process undertaken to analyse the data collected from the questionnaire. The first step was to undertake basic descriptive tests for 300 participants using SPSS Version 23, followed by exploratory factor analysis (EFA) to determine whether items loaded on their respective constructs as anticipated (Gaskin et al. 2014; Hair et al. 2010). Cronbach’s alpha was performed to check the internal consistency of the items for reliability (Bagozzi & Yi 1998), followed by confirmatory factor analysis (CFA) to determine the convergent and discriminant validity of the measurement model (Gaskin et al. 2014; Holmes-Smith 2010). Lastly, SEM in the form of path analysis was used to test the hypotheses (Holmes-Smith 2010). The results of the data analysis are discussed in Section 7.

Descriptive statistics on the respondents

In terms of demographic profile of the surveyed respondents. The sample set is composed of 29.6% males and 70.40% females. Approximately 34.0% of the respondents were between the ages of 31 and 40, with 26 (8.6%) under the age of 25. 98 (32.6%) were between the ages of 21 and 50, while 57 (19.0%) were between the ages of 41 and 50 and 17 (5.6%) were above 50 years old. Medical doctors made up 16 (5.3%), while nurses were the majority 243 (81.0%). 147 (49.0%) had 6–10 years of experience, 68 (27.6%) had 2–5 years of experience, 76 (25.3%) had more than 10 years of experience and 19 (0.6%) had less than one year of experience.

Measuring the model fitness

The results of the measurements of the fit indices, as extracted from AMOS, are listed in Table 1. In addition, the results reveal that the model fit was good according to two fit indices (χ2/df and SRMR). The new results were calculated using 50.755 chi-square statistics with 21 degrees of freedom (χ2/df = 50.755/21 = 2.4169). The conclusion of the results indicated that the model was well-fitting, with Root Mean Square Error of Approximation (RMSEA) = 0.035, Comparative Fit Index (CFI) = 0.905, Goodness-of-fit statistic (GFI) = 0.9996 and Standardized root mean square residual (SRMR) = 0.019. Analysis of Moment Structures (AMOS), on the other hand, proposed no more changes, implying that this was the model’s best match. Given the complexity of SEM as an analytical technique, using two or more fit indices to achieve model fit is acceptable (Hooper, Coughlan & Mullen 2008; Kline 2011).
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Results of hypotheses

The results of the hypotheses are presented in Table 2. All hypotheses, H1–H5, are supported. The first four hypotheses, H1–H4, are supported with a statistical significance level of 0.001 (p < 0.001), while hypothesis H5 is supported with a statistical significance level of 0.01 (p < 0.01).
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Discussion

To develop an integrated model for EBHP, this study used the updated (D&M) IS Success Model, TOE and TAM. Structural equation was then used to analyse data. In addition, to evaluate how well the model fit the data from the EFA, CFA was also used. The results of study confirmed that between EHRs have a positive significant influence on IQ (β = 0.154; p < 0.05). For this reason, H1 was supported. The findings of this study corroborate those of Meeks et al. (2014), who found that the adoption of EHR may have a considerable effect on patient quality and safety.

As predicated in the research model, knowledge quality has a positive significant effect on better patient coordination of patient care (β = 0.985; p < 0.05). However, this H2 was supported. This finding is in line with previous research on the adoption of technological innovation (Shaltoni 2017). Findings of the study reaffirm a positive association between higher knowledge quality and better patient coordination, resolving the issue of contradictory findings in the literature. The results of H3 confirmed that EHRs have a positive significant influence on knowledge quality (β = 0.558; p < 0.05). This hypothesis was also supported. These findings are supported by Zayyad and Toycan’s (2018) who claim that EHR facilitates timely communication among all healthcare providers as well as that access to patient medical records and related information. The study did not confirm that EHRs have a positive significant effect on perceived ease-of-use (β = 0.021; p > 0.05). For this reason, H4 was not supported. This finding is in contradiction with that of Hwang, Dutta and Chang (2019), who discovered a significant correlation between attitude and perceived ease of use in the context of physician acceptance of EHR.

The results of the study, however, did confirm that top management’s support has a positive significant influence towards the use of EHRs (β = 0.087; p > 0.05). Therefore, H5 was supported in this study. However, the result is consistent with prior research, which demonstrated that leadership roles influence effective implementations in a variety of situations (Aarons, Ehrhart & Farahnak 2014). In addition, the study confirmed that knowledge quality and better patient coordination of patient care are positively and significantly related (β = 0.985; p < 0.05). For this reason, H6 was supported. This result is consistent with Berghout, Fabbricotti and Buljac (2017) assertion that doctors are highly knowledgeable professionals and that, as the largest group employed by hospitals, their decisions are typically based on their knowledge and experience. Furthermore, this study’s results did not support BCP has a negative insignificant impact in the reduction of medical errors (β = 0.048; p > 0.05). According to Mitchell (2019), the adoption of an EHR will increase patient outcomes by enhancing the ability to diagnose illnesses and reducing or even preventing medical errors. These findings contradict with those of Mitchell. For this reason, H7 was not supported.

The results of this study confirmed that EBHP has positive significant influence on DTD (β = 0.154; p < 0.05). H8 was supported as a result. These results are consistent with Pyrene’s (2015) claim that access to medical records is important as it is practically difficult for medical professionals to offer the best diagnosis or treatment without it. In addition, the study also confirmed that better patient coordination of patient care is positively influenced by the use of EHRs (β = 0.64; p < 0.05). This is also predicated in the research model and hypothesis H9 was supported. These results concur with those of Meeks et al. (2014), who claimed that the use of EHRs improves decision-making, record-keeping and patient care monitoring, allowing medical practitioners to offer better care. Furthermore, the results of H10 confirmed that EBHP has a direct positive influence on better patient coordination of patient care (β = 0.75; p < 0.05). Therefore, H10 was supported in this study. The outcomes of these findings support the claims made by Krist et al. (2014) that implementing an EHR system can facilitate health information exchange by catalysing the sharing of clinical information and patient care coordination among healthcare providers, potentially leading to higher-quality patient care. Since the model was tested and matches the data, the updated (D&M) IS Success Model, TOE and TAM frameworks can be used in the study to investigate the crucial successful factors for the adoption of EBHP in hospitals. This theoretical framework was developed to assist in determining the critical factors required for the adoption of EBHPs at a public hospital in South Africa.

Conclusion

This study contained a cross-sectional survey to understand which critical factors influence EBHP adoption at a public hospital in South Africa. With 300 valid responses, the results showed that the proposed model was acceptable with high significant of statistics for model fit indices. Nurses made up the majority of the participants (225 in total). The updated D&M IS Success Model, TAM and TOE formed the theoretical foundation. Seven dependent variables, EBHP and five independent variables: IQ, EHR, KQ, MER, BCP and DTD, were adopted from the updated and modified D&M IS Success Model. Perceived ease of the variable adopted for TAM while from TOE, organizational context was adopted and these variables were independent variables. The findings of this study reveal that the adoption of EBHP is strongly influenced by EHR, which is a crucial construct. In addition, the findings of this study also showed a strong positive significant relationship between the adoption of EBHP and the constructs of EHRs, MER, IQ and KQ. One of the key findings of this study was that the model used here for the adoption of EBHPs by the medical healthcare professionals at a public hospital in South Africa fit the data well and could be used to steer future research.

Implications

The current study extended and justified the existing D&M IS Success Model by adding KQ and reduction of medical errors as new constructs. BCP was also added to replace the moderating construct ‘intention to use’ and the construct user satisfaction was modified to read DTD. Net-benefits construct, the dependent variable in D&M IS Success Model was changed to read EBHP. With the adoption of the developed EBHP framework in public hospitals, healthcare professionals will be able to shift from a culture of providing care based on tradition, intuition, and authority to a situation where decisions will be guided and supported by the best available medical evidence.

Limitations and future research

This study contributes to advancing knowledge about the adoption of EBHP in the context of developing countries like South Africa, which may provide a fruitful avenue for future research. A sample population from one academic hospital in Gauteng province was used for the current investigation. Therefore, it is possible that the results do not accurately reflect the critical success factors that have a bearing on the adoption of EBHP in South African public hospitals. Future study is therefore required with a larger sample size, more varied sampling locations and a variety of sampling strategies.

In addition, the insignificant relationship between perceived ease of use and EHR H4 needs to further be investigated in a different hospital setting in other provinces. Furthermore, research should be conducted to determine the critical success factors that influence the adoption of EBHP in South African public hospitals, with additional data collection strategies such as interviews and focus groups being used to determine which is the most viable. Furthermore, the model of the current research can be modified and be applied to the adoption of other types of e-health services, such as telemedicine and mHealth (mobile Health), in South Africa or other developing countries.
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TABLE 1: Model fit indices with threshold values (refined).

Measurement  Obtained Measurement ~Recommendations
fit indices measurement fit indices’
model value threshold level

2 50.755 Ratio 215 72/df is within the range of

= o (2 /df)<31 threshold, shows the model
is good

2/df 2417

RMSEA 0.035 0.05< (RMSEA) ~ Less than the threshold,

<0080  shows the model is good

CFI 0.905 20.950 More than the threshold,
shows the model is good

GFI 0.99 2090 More than the threshold,
shows the model is good

SRMR 0.019 SRMR<0.08  Acceptable range 0 < SRMR

0.09 but on the higher side.

RMSEA, Root Mean Square Error of Approximation; CFI, Comparative Fit Index; GFI,
Goodness-of-fit statistic; SRMR, Standardized root mean square residual.
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TABLE 2: Summary of hypotheses testing results.

Hypotheses Paths Estimate (Beta) S.E. CR P Recommendation
H1 Information quality — Electronic health 0.289 0.078 16.558 ek Supported
records
H2 Knowledge quality < Electronic health 0558 0.044 16.476 ok Supported
records
H3 Knowledge quality — Electronic health 0124 0.025 4.986 ek Supported
records
Ha Electronic health records Perceived ease of use 0.021 0.035 0586 0558 Not supported
H5 Organisational context — Electronic health 0.087 0.037 2350 0019 Supported
records
He Medical error reduction Electronic health 0.985 029 33.466 ik Supported
records
H7 Medical error reduction — Better coordination of 0.048 0.022 0.776 0.060 Not supported
patient care
Hg Evidence-based healthcare < Diagnosis and 0.154 0.019 7.902 ik Supported
practice treatment of diseases
Ho Better coordination of patient <-— Electronic health 0.637 0.045 14.014 ek Supported
care records
H10 Evidence-based healthcare < Better coordination of 0.754 0.028 27.056 ek Supported
practice patient care
Note: p = 0.253, which greater than 0.05.

SE, standard error; CR, composite reliability.
72/df (10.174/8) = 1.272.
% D < 0.001; ** p < 0.0;

'p<0.05; GFl =0.995; CFI = 0.

.0149; RMSEA = 0.1
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FIGURE 1: Research model.
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